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New coverage bolted on as an extension 
to the schedule, or additional wording to 
the Policy Wording.

1 0 0 S  O F  S T A T I C  P A G E S  O F  

U N S T R U C T U R E D  D A T A

W o r d i n g s  

e x p e r t

Ad hoc analysis. 

Manual investigation.

H undreds of D ashboards.
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R E S E R V I N G  

Data Collection

R E S E R V I N G

Data Cleansing 
Prep

R E S E R V I N

G

Initial Reserve 
Estimations

R E S E R V I N G

Reviews and signs Infrequent - 4x a year

F N O L

Initial contact by 
policyholder

D A T A  C O L L E C T I O N

Claim registration 
data collection

V E R I F I C A T I O

O N

Coverage verification
verification

S E T T L E M E N T

Settlement, Payment 
Payment & Closure
Closure

A S S E S S M E N

Claims Underwriting 
Underwriting -

-

extent of loss
extent 
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•

•
•

•

•

G
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Generative AI (GenAI)

- Hallucinations

- Data Privacy Concerns

- …

Discriminative AI (‘traditional’ AI)

- Not explainable

- Can easily lead to 

overfitting

- Usually required large 

labeled data 

- …

D G
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18https://www.statista.com/statistics/871513/worldwide-data-created/



19https://www.statista.com/statistics/871513/worldwide-data-created/

10 tn Gb
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Enhanced Risk Insights

(Leverage advanced data analytics)

Innovative Pricing Models

(Precision through ML techniques)

Collaboration with Data Scientists

(Cross-disciplinary growth potential)
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〖
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•

•

•

•

•
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rewards fit close to the 

observations

cost associated to the use of 

the betas
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UW prior & low exposure: the fitted loss is 

close to the value set by UW
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•

•

•

•

•

•
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•

•

•

•

•

•

•

•

•

•

•

•
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G

G

D A T A  

C O L L E C T I O N

Financial Statements, 

Loss H istory, Credit

Applications, Industry 

databases, Third Parties

PartiesGeo-Location & Peril 

Models 
Business O bjectives

Underwriting Guidelines

Guidelines
Pricing

N O N -

S T A N D A R D /

C O M P L E X

Websites, imag es and 

video, Satellite

S T A N D A

R D /

 S I M P L E

A L G O R I T H M I C  /  

A U T O M A T E D  

A S S E S S M E N T

B R O K E

R S

D I R E C T  

C U S T O M E

E R S

D ata entry into 

journey for a 

question set, with 

automated 

to capture full risk 

information 

Abnormal/very complex 

cases go out to referral, for 

for manual technical 

adjustments to be made, 

where additional data is 

required.

Automated decisions 

appetite, sanctions and 

compliance checks, 

coverag e limits, line size 

With underwriter co-pilot

Bind.

G

G
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P O L I C Y  
S T R U C T U R E  

B U I L D I N G  
B L O C K S

S T R U C T U R E D  
A  D E F I N E D  

D A T A  M O D E L

Product Iteration

Agent Chatbot

Portfolio 
Management

Exposure 
Modelling

Dynamic, 
Tailored Quotes

Coverage x 
Limit

Peril x 

Peril x Exclusion

E.g. Inclusion of Specified All Risks 
Risks Cover

E.g . "Am  I covered for N on-
D am ag e BI?"

E.g. "What is the projected impact on 
impact on my BI loss ratio if I added 
added specified all risks cover?"

Include all dynam ic policy 
input data set =  more accurate 
understanding  of exposure for 
insurer.

E.g. no wording on a coverage if not 
not chosen.

Claims Validation E.g. is this policholder
covered?

C overag e 
dim ensions

G

G

New coverage bolted on as an extension to 

extension to the schedule, or additional 

additional wording to the Policy Wording.

Wording .

1 0 0 S  O F  S T A T I C  

P A G E S  O F  

U N S T R U C T U R E D  

W o r d i n g

e x p e r t

G
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S H A R E D  
D A T A  

P L A T F O R M  
A C R O S S  

F U N C T I O N

A U T O M A T E
E D  

R E S E R V I N G  
G  

E S T I M A T I O
O N S

I N S I G H T S  
A N D  

C A L I B R A T
O N

A U T O M A T
E D  

R E P O R T I N
G

A U T O M A T E
D  D A T A  

P R E P  A N D  
C L E A N S I N

-
I N D I V I D U
C L A I M S  &  
E X P O S U R E
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Discriminative AI 

- categorizes data by identifying 

patterns and learning boundaries 

between classes for tasks like 

classification and regression. 

Generative AI 

- generates new content by 

capturing the underlying 

distribution of training data, often 

using deep learning models as a 

foundation.

Enhancing data capture, and 

analyse large amounts of data at 

speed.

Reducing re-keying.

Automating traditionally manual 

processes.

Shifts focus to insights rather than 

process delivery.

New practice areas for actuaries and 

data scientists.
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Expressions of individual views by members of the Institute and 

Faculty of Actuaries and its staff are encouraged. The views 

expressed in this presentation are those of the presenter.
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